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1 Introduction

One of the focal points of recent research in international trade has been to study

the overall and distributional implications of trade policy (Caliendo and Parro, 2022).

Understanding the effects of trade policy is of particular importance in developing

economies, where exposure to international markets can shape livelihoods through

shifts in prices and labor market opportunities. Empirically, identifying the impact

of trade policy is challenging, as policies affecting openness are typically endogenous

– e.g., they often target specific sectors or regions likely to benefit from trade. Free

Trade Agreements (FTAs), for instance, are the result of negotiations, lobbying by

special interest groups and multinationals, and their effects can be anticipated. In this

paper, we use the US-China trade war as an exogenous shock to export opportunities

in Vietnam. We estimate the impact of US-China tariffs in 2018 and 2019 on Vietnam

exports to the US and the induced labor market adjustments.

The tariff hikes imposed by the US on China in 2018 and 2019, following President

Trump’s decision to start a trade war, covered $250 billion of Chinese goods (Amiti

et al., 2019), or around 13% of US imports (Fajgelbaum et al., 2019), and affected

about two thirds of all 19,000 possible products. Trump’s tariffs caused large declines

in US imports, raised domestic prices and lowered US real income by 0.27% of GDP

according to Fajgelbaum et al. (2019).1 As a result, the US became relatively more

open to exports from other countries, especially in targeted sectors. We use the tariff

changes due to the US-China trade war as quasi-experimental variation in Vietnam’s

export opportunities to analyze their consequent impact on Vietnam’s exports and

labor market. Since Trump’s trade war was targeted at China and not at Vietnam,

we argue that this constitutes a natural experiment from the perspective of Vietnam’s

trade policy. Put differently, we can assume that the timing and the sectoral com-

position of the tariffs imposed by the US on China provide exogenous variation in
1It also led to political tariff retaliations by China and the EU (Fetzer and Schwarz, 2021).
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Vietnam’s export opportunities.

Existing evidence confirms that the US-China trade war caused US importers to

substitute Chinese goods with similar goods from other countries. Fajgelbaum et al.

(2021) suggests that many countries increased exports to the US after Trump’s tariffs,

identifying Vietnam as among the largest exportwinners.2 Anecdotal evidence also

suggests Vietnam may have been a winner of Trump’s trade war. The Financial Times

for example ran the headline “US-China trade war gives Vietnam a winning streak"3;

the New York Times suggested that “Your next iPhone might be made in Vietnam.

Thank the Trade War.”4; Bloomberg argued that “Vietnam Tops list of Biggest Winners

from US-China trade war"5; and the Wall Street Journal asks “Who Won the US-China

trade war? [and answers]... Vietnam and others who stepped into the breach".6 Bown

(2022) also provide product-level evidence that Vietnam is now exporting more to the

US in response to the US-China trade war. Against this backdrop, we first revisit the

evidence on whether Vietnam indeed benefited from Trump’s trade war with China,

examining carefully the response at both the intensive and extensive margins, and using

the latest difference-in-differences methods. We then go one step further to understand

the effects of Trump’s trade war on domestic labor market outcomes in Vietnam and

gender differences therein.

Our empirical analysis is composed of two parts. First, we estimate the impact

of US import tariffs targeted at China on Vietnamese exports using a difference-in-

differences approach. We compare Vietnam’s exports to the US across products, tar-

geted or not by Trump’s trade war on China, before and after the tariff hikes.
2This is in line with what was predicted by Cali (2018), who noted that Vietnam already exported

many of the targeted products, including chairs, insulated ignition, shrimp and prawns, travel bags,
parts of seats, television cameras, wooden furniture and handbag, worth 10.9% of Vietnam’s GDP,
and was thus likely to benefit from the trade war.

3https://www.ft.com/content/4bce1f3c-8dda-11e9-a1c1-51bf8f989972
4https://www.nytimes.com/2019/07/30/technology/trump-trade-war-vietnam.html
5https://www.bloomberg.com/news/articles/2019-06-03/vietnam-tops-list-of-biggest-winners-

from-u-s-china-trade-war
6https://www.wsj.com/articles/who-won-the-u-s-china-trade-war-11653059611
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We find that tariff hikes on Chinese goods following Trump’s trade war with

China led to an expansion of Vietnam’s exports to the US. In particular, the value

of Vietnamese exports to the US grew by 40% between 2017 and 2020 as a result

of Trump’s tariffs on China. This is driven by both increased exports in products

Vietnam already exported to the US, and by an increased likelihood of new exports in

Trump-affected products relative to non-affected ones. Previously exported products

were also less likely to exit from the US market. This indicates that the adjustment for

Vietnamese exporters to the Trump-induced trade shock occurred at both the intensive

and extensive margins. Importantly, our results suggest that Trump’s trade war led

to an acceleration of the shift of manufacturing exports away from China and towards

other emerging economies, first documented by Hanson (2020).

In the second part of our empirical analysis, we investigate whether the increase

in Vietnam’s export opportunities due to the US-China trade war had labor market

effects. Our analysis of the labor market adjustment to new export opportunities

contributes to our understanding of the role of trade and trade policy in job creation

and poverty alleviation. In particular, we estimate the impact of US-China tariff hikes

on domestic employment, working hours, wages and occupation structure, exploiting

variation across sectors (≈ 400 ISIC 4-digit) and over time using monthly data from

Vietnam labor Force Survey (LFS) from 2015 to 2020. The monthly LFS contains

a nationally representative sample of approximately 68,000 individuals, with details

about workers’ industry of employment and occupation (ISCO 4-digit). We focus on

the total number of workers across industries, i.e. those who report working in an

industry and receive a wage in the last 7 days, as well as the average weekly hours

worked and average hourly wages. We also match occupations to skill levels using

the International Labor Organization’s classification to check whether Trump’s tariffs

affected occupational structure and the skill intensity of production. We apply the

same difference-in-differences approach as when looking at trade effects, using a dummy

variable to indicate whether any product within an ISIC-4 digit industry was targeted
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by Trump’s tariffs.7

We also explore heterogeneous treatment effects by gender in order to understand

whether women were differently affected compared to men by the trade war. Recent

reports by the World Trade Organization and World Bank (2021) and Organisation for

Economic Co-operation and Development (OECD) (2019) suggest that international

trade affects men and women differently and put gender aspects at the forefront of

policy work on trade, notably to help governments foster trade opportunities that

boost women’s economic empowerment. In addition to equity reasons, such trade

policies may have important efficiency implications through female empowerment for

education and children’s outcomes (Duflo, 2012). In Vietnam, although female labor

force participation is quite high at 70%, women are still likely to earn lower wages, work

longer hours and are less educated (Ha and Francois, 2019). Hence, it is important

to analyse whether these new export opportunities in the wake of Trump’s trade war

contributed to gender convergence or divergence in local labor market outcomes in

Vietnam.

Our results indicate that the US-China trade war yielded positive labor market

outcomes for Vietnamese workers. Employment increased in sectors that were affected

by Trump’s tariffs compared to non-affected sectors, as did the number of hours worked.

We find that the number of jobs was as much as 15% higher in 2019-2020 in sectors

hit by Trump’s tariffs, while individuals worked on average an extra 50 minutes per

week as a result of US tariffs on Chinese products. While these employment gains were

mostly for men, women enjoyed higher wage gains, indicating that increased trade

between Vietnam and US ensuing from the US-China trade war may have helped close

Vietnam’s gender wage gap. We find no evidence that the expansion in exports to the

US led to occupational upgrading. If anything, the skill intensity of production may

have decreased in targeted sectors, possibility due to increased production activities.
7To capture the extent to which sectors were exposed to Trump’s tariffs we also use the average of

the tariffs applied on 10-digit products or the share of HS 10-digit products affected within each ISIC
4-digit industries in robustness checks.
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Our paper contributes to three strands of the literature on trade policy and labor

market outcomes in developing countries. First, it extends a nascent but growing

literature on the impacts of the US-China trade war. In contrast to the existing studies

that focus on the implications of the trade war on Chinese and US consumers and

firms (see Fajgelbaum and Khandelwal (2022) for a review of the literature), our paper

provides novel evidence on the unintended consequences of the trade war on workers,

and in a third country, Vietnam. While Fajgelbaum et al. (2021) and Mao and Görg

(2020) investigate empirically third-country trade effects of the US-China trade war

across countries, we focus on one country, which allows us to understand further how

the trade responses translate into labor market effects.8

Second, our paper contributes to the literature analysing the causal impact of

trade on labor market outcomes. Several studies have documented high adjustment

costs borne by workers in response to trade liberalisation. For example, Dix-Carneiro

and Kovak (2019) find that trade-displaced workers spend years being unemployed fol-

lowing liberalisation in Brazil. These adjustment costs exemplify the distortions that

affect the efficient allocation of resources in developing countries (Atkin and Donaldson,

2022). Many studies have also looked at the effect of FTAs. For example, Gaston and

Trefler (1997) documented important job losses in Canada after the Canada-US FTA,

Hakobyan and McLaren (2016) showed that US blue-collar wages were also severely

affected by the North American Free Trade Agreement (NAFTA), while Hanson (2003)

documented wage gains in Mexico for more-educated workers living close to the US in

Mexico following NAFTA. In the case of Vietnam, McCaig (2011), McCaig and Pavc-

nik (2015), and (McCaig et al., 2022) use the US-Vietnam Bilateral Trade Agreement

in 2001 as a shock to the Vietnamese exporting sector. They find that greater export
8Our paper is also similar to studies that looked at the third-country effects of trade policies

affecting China. For example, studies have shown that China’s entry into the WTO in 2001 squeezed
out small firms in Mexico (Iacovone et al., 2013), and induced manufacturing job losses and increased
cocaine violence (Dell et al., 2019). Medina (2022) suggest that China’s entry into the WTO pushed
Peruvian apparel firms to produce high-quality varieties for high-income countries. Another example
is Rotunno et al. (2013) who show that African exporters benefited from the textile and apparel import
quotas on China under the multi-fibre agreement.
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opportunities led to increased foreign direct investment (FDI) and formal manufactur-

ing jobs, moving people out of poverty and out of the informal sector. We extend this

body of research by estimating the effects of a more recent trade policy shock, and

one that did not target Vietnam directly, allowing us to further establish the causal

interpretation of the trade policy effects.

Finally, our paper also ties into the literature on trade and gender inequality where

the evidence is mixed, especially for emerging economies. Existing studies have shown

that trade can improve gender equality by increasing competition between firms and

reducing gender-based discrimination (Black and Brainerd, 2004; Ederington et al.,

2009; Juhn et al., 2013; Aguayo-Tellez et al., 2014), as well as by encouraging firms

to undertake technological upgrading (Juhn et al., 2014) that favours female workers

with comparative advantage in brain-based work. Pham and Jinjarak (2023) suggests

that integration in global value chains is correlated with higher female employment

across small and medium firms in Vietnam, but that this is driven by unskilled workers.

Using firm-level data from 64 developing countries, Rocha and Winkler (2019) find that

firms participating in international markets have higher female labor share than other

firms. In contrast, Berik et al. (2004) and Menon and Rodgers (2009) provide evidence

suggesting that greater exposure to trade has increased gender-based discrimination

and the wage gap in Taiwan, South Korea, and India. Busse and Spielmann (2006)

further find that increased exports in labor-intensive goods is associated with higher

gender inequality across countries, while Gaddis and Pieters (2017) show that female

employment failed to benefit from trade liberalization in Brazil. Mansour et al. (2022)

also show that import competition from China pushed women workers in Peru out of

the tradable sector and out of the labor force. Our paper thus adds to this growing body

of evidence on how trade may have differential effect by gender on job opportunities

and conditions.

The rest of the paper is organized in two main sections. Section 2 establishes the

magnitude of the effect of Trump’s tariffs on export creation in Vietnam. Section 3
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discusses the labor market implications for Vietnamese workers. Section 4 concludes.

2 Vietnamese exports

This section examines how the US-China trade war has affected Vietnam’s exports to

the US. We look at how Vietnam export performance differed across products depend-

ing on whether these were hit or not by Trump’s tariffs on China. We examine both

the intensive and extensive margins of exports – i.e., the increase in export values of

existing export products and the introduction, or drop, of export varieties, respectively.

2.1 Data

To estimate the impact of the tariff changes resulting from the US-China trade war on

Vietnam exports, we use data on US-Vietnam trade flows and US tariffs imposed on

China for the years preceding and following the trade war, specifically from 2015 to

2020. We use data on the value of US imports from Vietnam at the 10-digit level of

the Harmonized System (HS) classification from Schott (2008), originally from the US

International Trade Commission (USITC). To further assess the effects on Vietnam

exports to other destinations than the US, we exploit information on the values of

imports by other countries from Vietnam at the HS 6-digit level, sourced from UN

Comtrade. To gauge the extent to which goods were affected by the trade war, we use

data on US tariff hikes in 2018 and 2019 for each 10-digit product from Fajgelbaum

et al. (2019).

Figure 1 shows the number of products hit by Trump’s tariffs on China in 2018

and 2019. The US tariff hikes on Chinese imported products were pervasive. By 2019,

two thirds of the 19,000 product lines were affected by tariff hikes of 15% or 25%.
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Figure 1: Distribution of US-China trade war tariff changes
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Notes: Products are defined at the 10-digit level of the Harmonized System (HS) classification.

Tariff hikes are relative to 2017. Source: Fajgelbaum et al. (2019).

Figure 2 shows total US imports from Vietnam between 2014 and 2020 for two

groups of products, i.e. those hit by tariffs during Trump’s trade war and other prod-

ucts. While products hit by Trump’s tariffs account for a much bigger value of exports

(panel A), we observe an increased divergence after 2019 between products that were

hit by the Trump’s tariffs compared to those that were not, indicating a possible re-

sponse to the tariffs. Panel (b) displays the evolution of the extensive margin of US

imports of Vietnamese products between 2017 and 2020. Among the ≈ 5,000 products

exported by Vietnam to the US in 2020, about 4,000 were of products hit by Trump’s

tariffs. More than 1,000 of these targeted products were introduced during Trump’s

trade war, more than twice the number of targeted products dropped. Among the

hundreds of products that were not hit by Trump’s tariffs, less were introduced than

dropped during the trade war. These numbers suggest that Trump’s tariffs may have

led to increased net product introductions. We investigate this pattern further in the

next sub-section. Table A.1 in the Appendix reports summary statistics for Vietnam

export outcome variables and US tariff hikes across 10-digit products.
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Figure 2: Total US imports from Vietnam
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2.2 Empirical Strategy and Results

Our empirical setting is that of a standard difference-in-differences model. The treat-

ment is defined, at the product level, as being hit by increases in US tariffs on Chinese

imports. The treatment period starts in 2018 or 2019, when Trump’s tariffs were im-

plemented, and extends until 2020. We use annual data from 2015 to 2020, and we

take into account the latest developments in the estimation of dynamic event-study

specification with staggered treatment and potential heterogeneous effects across co-

horts (Sun and Abraham, 2021; Callaway and Sant’Anna, 2021; Borusyak et al., 2021;

De Chaisemartin and d’Haultfoeuille, 2020).In a second approach, we implement a

long-difference specification where 2019-2017 and 2020-2017 differences in trade out-

comes are regressed on treatment variables (similar to the specification of Fajgelbaum

et al. (2021)). We estimate the following event-study regression:

(1) Xpt =
−2∑

j=−5

βjD
j
pt +

2∑
j=0

βjD
j
pt + µp + λt + ϵpt

where Xpt are Vietnam exports of product p to the US in year t. The Dpt terms

are dummies for leads and lags of the treatment (i.e., being hit by Trump’s tariffs) –

e.g., D−4
pt is a dummy equal to 1 if the product is hit by a tariff 4 years later. The

terms µp and λt are product and year fixed effects, and ϵpt is the error term. We thus

exploit differences across products p (targeted vs. non-targeted) and differences across

years t (before vs. after Trump’s trade war). We look at the effects on the value of

US imports from Vietnam by adopting an inverse hyperbolic sine transformation that

keeps both zero and positive trade flows in the estimation sample, as well as on the

intensive margin of exports, by taking logs of positive trade flows for products that

were exported by Vietnam to the US. We also look at the effects on the extensive

margin by using a dummy variable indicating whether Vietnam exports the product p
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(defined at the HS-10 digit level) to the US in year t.

The results of the event study specification in (1) are illustrated in Figure 3. The

blue bars show the treatment effects in the year of the treatment (at time zero, which

corresponds to 2018 or 2019) as well as in the following years. This captures the

difference-in-differences in exports compared to the pre-treatment year (-1). We find

positive and significant effects whether we measure exports using the asinh transforma-

tion, taking logs, or using an indicator dummy. The size of the impact increases over

time. The red bars are placebo treatment effects, showing the year-on-year difference-

in-differences in pre-treatment years.9

The recent literature on difference-in-difference models with two-way (unit and

time) fixed effects has shown that OLS estimates can be biased when effects are het-

erogeneous across units and over time, and treatment is staggered (see de Chaisemartin

and D’Haultfoeuille (2022) and Roth et al. (2022) for surveys of the literature).10 We

thus estimate specification (1) using different estimators that correct the TWFE one

from biases and interpretation issues. As we show in section B of the Appendix, the

estimates from these alternative estimators are similar to the ones reported in Figure

3, suggesting little bias in the TWFE estimates. Only the post-treatment effects on

the intensive margin (Figure A.3) are smaller than the TWFE estimates.
9In terms of the regression equation (1) where period −1 is the reference one, each bar in the

pre-treatment years shows the difference in the effect between time −t and time −t− 1 – e.g., the dot
at −4 equals β−4−β−5, and the one at −1 equals −β−2. The estimated pre-treatment effects suggest
small differences in trends between treated and control products in the years before the Trump’s tariffs
were introduced, which can affect identification in difference-in-differences models. We look into this
possibility carefully in Section C in the Appendix.

10In our event-study specification (1), there are two treatment groups: one is made of products that
were targeted for by Trump’s tariffs for the first time in 2018, and the other includes the products
that were treated for the first time in 2019.
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Figure 3: The effect of Trump’s tariffs on Vietnam’s exports
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Notes: The dots show TWFE diff-in-diff estimates of the effect of tariff hikes on Vietnam exports to
the US across years and products. Red bars are c.i. for pre-treatment placebos, showing the year-on-
year effects. Blue bars are for treatment effects relative to the year before treatment. Data on US
imports at the 10 digit level from Schott (2008). Data on tariff hikes from Fajgelbaum et al. (2019).
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These results are confirmed when we assess the magnitude of the average treatment

effect on the treated (ATT, computed as the average across the post-treatment effects in

Figure 3). The TWFE estimates reported in column (1) of Table 1 imply that Vietnam

exports to the US increased ≈ 47% more for targeted products, and that the probability

of exporting increased by ≈ 2.6 percentage point.11 These effects are slightly larger

when we use alternative estimators to the TWFE, from Sun and Abraham (2021)

(S&A), Callaway and Sant’Anna (2021) (C&S), Borusyak et al. (2021) (BJS), and

De Chaisemartin and d’Haultfoeuille (2020) (DC&DH), whereas they are lower and

less precisely estimated on the intensive margin (middle panel of Table 1). The Table

also shows that the treatment effect is unaltered when we add to our specification

dummies for the increase of US tariffs on Vietnam and on the rest of the world (RoW)

(countries other than China and Vietnam).12

11To compute the effect on export values from the top panel (‘asinh’-transformed outcome variable),
we take the exponential of the estimated coefficient in column (1), like in a standard log specification.
This approach is approximately correct with large enough values of the outcome variable (the average
value of US imports from Vietnam between 2015 and 2020 is 3.9 millions US$, see Table A.1 in the
Appendix.

12As shown in Table A.1 in the Appendix, US tariff increases on other countries were on average
considerably lower than on China (0.2 percentage points on Vietnam and 0.1 percentage points on
average across other countries). Only 0.9% of the 1-digit tariff lines were hit by US tariffs on Vietnam,
and 5.4% of products were concerned by some tariffs increases on other countries (than Vietnam or
China).
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Table 1: The effect of Trump’s tariffs on Vietnam exports - Diff-in-diff estimates

TWFE S&A C&S BJS DC&DH
(1) (3) (3) (4) (5)

asinh(X)
w/o controls 0.387 0.424 0.415 0.470 0.415

(0.052) (0.055) (0.054) (0.050) (0.052)
w/. controls 0.367 0.401 0.409 0.462 0.398

(0.052) (0.055) (0.054) (0.051) (0.054)
ln(X)

w/o controls 0.238 0.090 0.106 0.166 0.106
(0.057) (0.072) (0.069) (0.066) (0.065)

w/. controls 0.250 0.096 0.098 0.189 0.122
(0.058) (0.072) (0.069) (0.065) (0.066)

Export dummy
w/o controls 0.026 0.030 0.029 0.031 0.029

(0.005) (0.005) (0.005) (0.004) (0.004)
w/. controls 0.024 0.028 0.028 0.030 0.027

(0.005) (0.005) (0.005) (0.004) (0.005)
Note: Panel estimates with product and year fixed effects. Standard errors in paren-
thesis are clustered at the 8-digit level. Exports are in inverse-hyperbolic sines (asinh),
logs (ln), or as dummies (export dummy). Control variables are dummies for tar-
iff increases by the US on Vietnam and on the rest of the world during the trade
war period (2018-2020). Dynamic two-way fixed effects (TWFE), Sun and Abraham
(2021) (S&A), Callaway and Sant’Anna (2021) (C&S), Borusyak et al. (2021) (BJS)
and De Chaisemartin and d’Haultfoeuille (2020) (DC&DH).

In section D of the Appendix, we provide evidence suggesting that Vietnam is the

country whose exports to the US grew the most as a result of US tariffs on Chinese

products. We add US imports from countries other than China and Vietnam and

extend specification (1) by allowing the pre- and post-treatment effects to vary by

exporter. Importantly, we can also control for a rich set of fixed effects (origin-product,

product-year, and origin-year), absorbing, e.g., the influence of product-specific shocks

that could interact with changes in US tariffs. The average effect is largest on Vietnam

whether we take the asinh transformation or use an export dummy. Other countries
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that have seen large export growth in treated products include Malaysia, Thailand,

Poland, and Turkey, confirming the results of Fajgelbaum et al. (2021).

Identification of the export effects in the difference-in-difference model (1) relies

on the assumption that Vietnam export growth rate after the Trump tariff hikes – i.e.

between 2017 and 2020 – would have been the same as in the pre-treatment period

absent the increase in tariffs on Chinese products by the US. The pre-treatment effects

reported in Figure 3 suggests that Vietnam exports of targeted products may have

been increasing slightly faster, even before Trump’s tariffs hit. While this increase is

smaller than those in 2019 and 2020 (1 or 2 years after the first tariff increases), it may

violate the parallel trends assumption underlying the interpretation of the diff-in-diff

estimates.

We address this issue by adopting the method in Rambachan and Roth (2023)

to bound the effect to violations of the parallel trends assumption. Section C in the

Appendix discusses this application and its results. We find that the positive average

effect on Vietnam exports as estimated in the TWFE model (1) remains significant

to product-specific linear trends and deviations from them of up to 5%. We also find

that our results are robust to allowing for violations of parallel trends as big as the

maximum violation in the pre-treatment period.

While this approach provides support to our annual diff-in-diff estimates, an-

other way to capture the extent to which US imports from China were replaced by

Vietnamese substitutes while dealing with non-parallel trends is to estimate a first-

differenced model that explicitly controls for lagged export changes. This is similar

to the empirical analysis of Fajgelbaum et al. (2021), who implement a theory-based

empirical specification for the intensive margin responses to the US-China trade war

tariffs. The results from estimating this specification are in Table A.4 in Section E in

the Appendix. They provide further evidence that Trump’s tariffs on Chinese products

had a positive effect on the value of imports from Vietnam, even after controlling for

lagged changes in imports.
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Besides its effects on exports to the US, the increase in US tariffs on China might

have triggered a response in Vietnam exports to other destinations. To gauge the

overall trade effect on Vietnam, in Section E of the Appendix we estimate the impact

on Vietnam exports to the US and to the RoW, using data on the values of trade flows

at the HS 6-digit product level from the UN Comtrade database. The results in Table

A.8 suggest that US tariff hikes on Chinese products led to higher Vietnam exports

also to the RoW, which confirms the evidence from Fajgelbaum et al. (2021). Yet,

the effect on Vietnam exports to the US is larger than that on exports to the RoW.

Predictions from estimates in Table A.8 reveal that total Vietnam exports increased

27% as a result of US tariff hikes on Chinese products (or 73% of the observed increase

in Vietnam exports between 2017 and 2020). Exports to the US went up by 58%,

whereas exports to the RoW increased by 19%.

In the next section we examine whether the export creation effect of US tariffs

on Chinese imports translated into job creation and other labor market outcomes in

Vietnam.

3 Labor Market Outcomes

In this section, we explore the effect of Trump’s trade war on Vietnam’s labor market.

A possible concern about the trade results is that the export creation was simply

due to Chinese firms rerouting their exports via Vietnam, which would not lead to

employment gains. Hence, our aim is to understand whether these exports led to the

expansion of production activities in Vietnam and translated into higher employment,

wages, and occupational changes. In addition, we examine gender differences in the

labor market response to these new export opportunities.
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3.1 Data

In order to examine the impact of the tariff hikes on job creation, hours worked,

wages, and occupational upgrading across industries in Vietnam, we use monthly data

from the Vietnamese Labor Force Survey (LFS), containing a nationally representative

sample of approximately 68,000 individuals for each survey wave. We use data from

the LFS from 2015 to 2020 (inclusive), covering 3 years before the occurrence of the

first tariff hike and 2 years after. The LFS contains individual-level details about

workers including their gender, wages, industry of employment (≈ 400 ISIC 4-digit),

weekly hours worked, and occupation (≈ 390 ISCO 4-digit occupations across 10 major

groups). ISCO occupations can be matched to 4 skill levels using the International labor

Organization classification (Table A.3 in the Appendix).

Figure 4 shows the distribution of male and female workers across major sectors

in 2017 and 2020. A large share of both men and women worked in manufacturing as

well as agriculture in 2017 and in 2020, the main two sectors hit by Trump’s tariffs.

While agriculture has more male workers than female, manufacturing has more female

workers. In 2020, 15% of workers were women working in manufacturing. In 2017, close

to 14% of workers were men working in construction. This share was highly reduced

in 2020.
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Figure 4: Share of workers across sectors
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Notes: Data are from Vietnam’s Labor Force Survey. The sectors are ISIC (Rev. 4) major level

headings.

Figure 5 shows the evolution of wages and hours worked throughout our sample

period. It shows that manufacturing wages, at about $300 a month in 2019, are not

higher than in other sectors on average, and if anything the sectors hit by Trump’s

tariffs are sectors with lower wages on average. The figure also reveals the seasonality

of the wage data, with bonuses in the first months of the year. This is something

we take into account in our regression by looking at year-on-year changes in labor

market outcomes, for every month, rather than looking at month-on-month changes.

The right panel shows the longest working hours are in manufacturing on average, at

about 50 hours per week. We also see that working hours are longer in sectors hit by

Trump’s tariffs on average. Most strikingly, we see the major drop in working hours

that corresponds to the COVID lockdowns in Vietnam during 2020. We take this into
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account when interpreting the effects of the trade war on working hours.

Figure 5: Wages and hours worked over time
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Notes: Data are from Vietnam’s Labor Force Survey and based on self-reported wages and hours
worked.

Table A.2 in the Appendix reports summary statistics for the main tariff and

labor market variables used in the empirical analysis for the years 2017 (i.e., before the

US started increasing tariffs on Chinese products) and 2019, and for men and women

separately. By 2019, around one third of the industries were treated (i.e., at least one

product within the industry was hit by Trump’s tariffs), and on average 17 percent of

tariff lines within an industry were hit by US tariff increases on China. Men work 45.85

hours per week on average, 2 hours more than women. Men and women have similar

average skill levels around 2.3, which corresponds to production occupations such as

machine operators or sales workers (see Table A.3).
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3.2 Empirical Strategy and Results

Our identification strategy in this section relies on comparing changes in the number

of jobs, hours worked, hourly wages, and occupational skills, in industries exposed to

the exogenous trade policy shock relative to industries that were not exposed. We use

an event-study specification similar to that in the first part of the paper (see eq (1)):

(2) Yimt =
−2∑

j=−5

βjD
j
imt +

2∑
j=0

βjD
j
imt + µim + λt + ϵimt

where Yimt captures labor market outcomes such as the total number of jobs, or

hourly wages, hours worked, and skills, averaged across individuals working in industry

i, month m and year t . µim and λt are industry-month and year fixed effects, j are the

numbers of included yearly leads and lags of the event indicator of an industry being

hit by Trump’s tariffs, Dimt, which takes the value of 1 if sector i had at least 1 product

that was hit in month m in year t. ϵimt is the error term clustered at the industry level.

We thus exploit differences across industries i (targeted vs non-targeted) and differences

across years t (before vs. after being hit by Trump’s tariffs). After matching HS-10

product code to ISIC4 4-digit industries, we define an industry as treated if at least one

product within the industry has been hit by a US tariff increase on Chinese products.13

The inclusion of industry-month fixed effects allows us to look at year-on-year changes

in labor market outcomes in every industry for every month of the year. This approach

nets out the influence of seasonality patterns, which are particularly strong for wages

as shown in Figure 5. The monthly data allows us to take into account that different

industries were hit by tariffs in different months in 2018 and 2019 (see Figure A.1 in

the Appendix). In addition, we explore heterogeneous treatment effects by gender in
13 Because of this empirical definition, a few service industries (17 out of 329) are classified as

treated. Out of the 233 goods industries (agriculture, mining and manufacturing sectors), 169 were
hit by US tariffs on China.
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order to understand whether women and men were affected differently by the tariff

shock. For this we use industry-month panels for both men and women.

As in our trade analysis, we estimate eq (2) with a standard TWFE estimator – the

industry-month and year fixed effects, and test for the robustness of our labor market

outcome results to the latest developments in the difference-in-difference estimation

models (Sun and Abraham, 2021; Callaway and Sant’Anna, 2021; Borusyak et al.,

2021; De Chaisemartin and d’Haultfoeuille, 2020).

The estimates from eq (2) are shown in Figure 6. The number of jobs increased

by as much as 15% more in industries affected by the US-China trade war. Weekly

working hours increased by 20% (4.5 hours) in the year after the tariff hit, and wages

went up by around 7% (about $20 a month on average) one year after the industry was

hit by Trump’s tariffs. The effects on wages and working hours disappear two years

after treatment, in 2020, possibly due to a return to more normal working hours after

a rush to meet new orders in 2019 and by COVID – if targeted industries were more

likely to be affected by lockdowns. The effect on average skill levels across industries

is slightly negative, but not statistically significant. The results using new diff-in-diff

methods are similar, as shown in Figures A.5, A.6, A.7, and A.8, section B, in the

Appendix.14 We also show in Figure A.19 that the effects go in the same direction

if we estimate a diff-in-diff model using the month-on-month variation instead of the

year-on-year one. Most strikingly, we find higher job numbers and working hours in

targeted industries in many post-treatment months, when compared to the average in

the pre-treatment year.

The results from the event-study specification point to significant pre-treatment

effects (see the dots and associated red bars in Figures 6). This suggests that the

parallel trend assumption needed for identification of causal effects in our difference-
14Because tariff changes apply to goods only, most of the control group in our difference-in-difference

design is composed of service industries (e.g., 82 % of the industries that are never treated). As a
robustness check on our results, we replicate the estimation of the diff-in-diff model (TWFE) by
dropping services industries. Figure A.18 in the Appendix shows that the effects on working hours go
in the same direction as in the full sample. the efefcts on jobs and wages are different however.
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in-difference model might not hold. Following the strategy adopted for the import

diversion analysis, we check the robustness of the average effects in Table 2 to violations

of the parallel trends assumption, applying the methods introduced by Rambachan and

Roth (2023). The results, shown in Figures A.13 in the Appendix, indicate that the

average effects on wages and skills remain statistically insignificant, while the ones

on employment and hours appear robust to slight deviations from the parallel trend

assumption. Since the effects on working hours vary between t = 1 and t = 2, we check

whether the positive treatment effect in t = 1 (rather than the average effect across

t = 0, t = 1 and t = 2) is robust to violation of the assumption and find that it is

indeed the case.

Figure 6: The effect of Trump’s tariffs on Vietnam’s labor markets
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Notes: The dots show TWFE diff-in-diff estimates of the effect of tariff hikes on jobs, hours worked,
wages, and skills across years and sectors. Blue bars are c.i. for treatment effects relative to the year
before treatment. Red bars are c.i. for pre-treatment placebos, showing the year-on-year effects. Data
on labor markets are from Vietnam’s LFS. Data on tariff hikes from Fajgelbaum et al. (2019).
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Table 2 reports the average across the post-treatment coefficients from eq (2) under

the TWFE and alternative estimators. For each labor market outcome and estimator,

it also shows the results of a specification where we add controls for the industry being

hit by US tariffs on Vietnam and ROW (countries other than China and Vietnam). The

results suggest that employment increased by ≈ 15% more in industries hit by Trump’s

tariffs, which corresponds to around 1,000 extra jobs in each treated industry starting

from the average employment in the sample. We find no statistically significant effect

on average on hours worked, hourly wages, nor on average skill levels (no occupational

upgrading). The sign of the coefficients suggests however slightly increased working

hours, wages, and decreased average occupational skills. The results are consistent

across the different estimators, and are robust to controlling for changes in US tariffs

on goods coming from Vietnam and other countries.
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Table 2: The effect of Trump’s tariffs on Vietnam’s labor market to the US

(1) (2) (3) (4) (5)
TWFE S&A C&S BJS DC&DH

Workers
w/o controls 0.141 0.127 0.121 0.131 0.120

(0.049) (0.055) (0.054) (0.046) (0.047)
w/. control 0.133 0.116 0.121 0.131 0.120

(0.050) (0.054) (0.054) (0.046) (0.047)
Hours

w/o controls 0.055 0.054 0.055 0.049 0.041
(0.027) (0.028) (0.027) (0.027) (0.028)

w/. control 0.053 0.048 0.055 0.049 0.002
(0.030) (0.031) (0.027 (0.027) (0.028)

Wages
w/o controls 0.030 0.032 0.041 0.045 0.041

(0.024) (0.025) (0.024) (0.024) (0.023
w/. control 0.034 0.032 0.041 0.045 0.041

(0.026) (0.026) (0.024) (0.024) (0.023)
Skills

w/o controls -0.006 -0.004 -0.002 -0.009 -0.003
(0.007) (0.008) (0.007) (0.006) (0.007)

w/. control -0.005 -0.005 -0.002 -0.009 -0.003
(0.008) (0.008) (0.007) (0.006) (0.007)

Note: Diff-in-diff estimates of the effect of Trump tariff on Vietnam’s labor mar-
ket. All regressions include industry-month and year fixed effects. Standard
errors in parenthesis are clustered by sector. Workers is the log number of work-
ers in a sector. Hours (weekly), wages (per weekly hours), and skills are in log.
Control variables are dummies equal to 1 for sectors with products hit by US
tariffs on Vietnam and on the rest of the world. The columns are for dynamic
two-way fixed effects (TWFE), Sun and Abraham (2021) (S&A), Callaway and
Sant’Anna (2021) (C&S), Borusyak et al. (2021) (BJS) and De Chaisemartin and
d’Haultfoeuille (2020) (DC&DH).

The results of the dynamic specification in eq (2) by gender are in Figure 7. The

graphs along the left-hand side column are for males, and the ones on the right-hand

side column are for females. We compute total employment, average weekly hours

worked, hourly wages and occupational skill level by industry and gender and estimate

(2) separately for males and females. We observe increases in hours worked for both
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men and women in industries affected by US tariffs on Chinese products one year after

the hits. We find however that the the number of jobs increase mostly for men, while

average wages increased more for women, by close to 8% one year after treatment,

while that of men workers has increased by around 5%. We find no effect on average

occupational skills for either. These findings are confirmed when gender gap measures

are employed as dependent variables (see Figure A.20 in the Appendix). The gender

wage gap has decreased significantly in industries hit by Trump’s tariffs relative to other

industries. The results are consistent with greater export opportunities increasing the

bargaining power of working women and decreasing discrimination (Ederington et al.,

2009; Oostendorp, 2009). The estimates obtained using new diff-in-diff methods are

similar and are shown in Figures A.9, A.10, and A.11, section B, of the Appendix.
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Figure 7: The effect of Trump’s tariffs on labor markets, by gender
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Notes: The dots show TWFE diff-in-diff estimates of the effect of tariff hikes on jobs, hours worked,
wages, and skills across years and sectors. Blue bars are c.i. for treatment effects relative to the year
before treatment. Red bars are c.i. for pre-treatment placebos, showing the year-on-year effects. Data
on labor markets are from Vietnam’s LFS. Data on tariff hikes from Fajgelbaum et al. (2019).
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We also estimate a first-differenced model where we control for lagged changes in

labor market outcomes (similarly to what we did for Vietnam exports to the US in

section 2). The results go in the same direction as the diff-in-dff estimates and confirm

that tariff hikes on China led to positive employment effects in Vietnam, both in terms

of job creation and hours worked.

4 Conclusion

In this paper, we examine how the US-China trade war, which caused tariff hikes on

numerous Chinese products, found an unintended beneficiary in Vietnam. We show

that the US-China trade war caused significant increases in Vietnam exports to the

US in products impacted by Trump’s tariffs. In addition, products were more likely to

be introduced and existing products were less likely to exit in Trump-affected sectors,

confirming the creation of new export opportunities for Vietnam.

We also show that new export opportunities arising from Trump’s trade war af-

fected Vietnam’s labor market. Employment in industries that were targeted by Trump

increased, as did the number of hours worked and wages. However, we find that the ex-

pansion in export to the US did not entail occupational upgrading in Vietnam, possibly

due to the fact that the jobs created were predominantly in low-skilled sectors.

In assessing the differential effects of export expansion on male and female workers,

we find that Trump’s tariffs created jobs mostly for male workers. However, we find

that the mean wages of workers in Trump-affected sectors increased more for female

workers. Vietnam faces large gender inequality. Women are not only more likely to

live below the poverty line, they also earn lower wages, work longer hours, and are less

educated. These new export opportunities created in Vietnam’s manufacturing sector

in the wake of the Trump trade wars may have helped reduce the gender wage gap in

the affected sectors.
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ONLINE APPENDIX

A Descriptive statistics

Table A.1: Summary statistics for variables used in the trade analysis

Obs Mean 25th perc. 75th perc. Min Max
asinh(Xp) 104524 3.819 0.00 9.61 0.00 23.77
ln(Xp) 31450 12.001 9.76 14.14 5.53 23.08
1(Xp > 0) 104524 0.301 0.00 1.00 0.00 1.00
∆2019 asinh (Xp) 17336 0.507 0.00 0.00 -19.49 19.17
∆2020 asinh (Xp) 17207 0.744 0.00 0.06 -19.49 20.35
∆2019 ln (Xp) 4325 0.469 -0.31 1.15 -8.48 9.16
∆2020 ln (Xp) 4305 0.661 -0.34 1.52 -7.57 10.48
1(Entry2019) 12204 0.115 0.00 0.00 0.00 1.00
1(Exit2019) 5132 0.157 0.00 0.00 0.00 1.00
1(Entry2020) 12097 0.136 0.00 0.00 0.00 1.00
1(Exit2020) 5110 0.158 0.00 0.00 0.00 1.00
∆τUSA,CHN

p 18982 0.152 0.00 0.25 0.00 0.65
∆τUSA,V NM

p 18982 0.002 0.00 0.00 0.00 0.50
∆τUSA,ROW

p 18982 0.001 0.00 0.00 0.00 0.16
1(∆tUSA,CHN > 0) 18982 0.666 0.00 1.00 0.00 1.00
1(∆tUSA,V NM > 0) 18982 0.009 0.00 0.00 0.00 1.00
1(∆tUSA,ROW > 0) 18982 0.054 0.00 0.00 0.00 1.00

Note: Summary statistics for variables used in the differenced model (A.3) – see
Table A.4 for the results. Each observation correspond to a HS-10 digit tariff line.
∆t asinh (Xp) are differences in asinh of US imports from Vietnam between 2019 and
2017 (for t = 2019) and between 2020 and 2017 (for t = 2020). ∆t ln (Xp) are differ-
ences in the ln of US imports from Vietnam between 2019 and 2017 (for t = 2019) and
between 2020 and 2017 (for t = 2020). 1(Entryt) is a dummy equal to 1 for products
that were exported in t and not in 2017 (with t = {2019, 2020}), and zero for products
that were not exported in t and 2017. 1(Exitt) is a dummy equal to 1 for products
that were not exported in t and were exported in 2017 (with t = {2019, 2020}), and
zero for products that were exported in t and 2017. ∆τUSA,o

p is the change in the tariff
imposed by the US on products from o = {CHN,V NM,ROW} between 2018 and the
end of 2019 as a result the US-China trade war. 1(∆tUSA,o > 0) are dummies for the
existence of increases in US tariffs to products from o = {CHN,V NM,ROW}. The
trade data is from Schott (2008) and the tariff data from Fajgelbaum et al. (2019).
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Table A.2: Summary statistics for variables used in the labor market analysis

Men Women
N mean sd min max N mean sd min max

2017
Tariff on China = 1 379 0 0 0 0 353 0 0 0 0
Avg tariff on China 379 0 0 0 0 353 0 0 0 0
Share of tariff lines hit 379 0 0 0 0 353 0 0 0 0
Workers 355 6.818 1.462 3.134 12.50 326 6.458 1.501 2.590 11.57
Hours 379 3.836 0.138 3.211 4.248 353 3.785 0.178 2.824 4.431
Wage 379 8.721 0.466 4.568 10.44 345 8.379 0.597 5.725 10.30
Skill level 366 0.819 0.282 0 1.386 339 0.814 0.333 0 1.386

2019

Tariff on China = 1 378 0.386 0.488 0 1 339 0.369 0.483 0 1
Avg tariff on China 378 0.0231 0.0405 0 0.208 339 0.0203 0.0372 0 0.194
Share of tariff lines hit 378 0.175 0.272 0 1 339 0.161 0.259 0 1
Workers 360 6.753 1.548 2.800 12.49 316 6.493 1.561 2.549 11.82
Hours 378 3.826 0.160 2.708 4.248 339 3.780 0.170 2.773 4.094
Wage 377 8.804 0.429 6.486 10.17 334 8.469 0.629 5.225 10.60
Skill level 364 0.800 0.280 0 1.386 325 0.796 0.324 0 1.386

Note: Summary statistics for variables used in the labor market section. Workers, hours, wages, and
skill levels are in logs. The tariff data is from Fajgelbaum et al. (2019) and the labor market data is
from Vietnam’s labor force sruvey (LFS).
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Table A.3: Skill level of ISCO-major groups according to the 2012 ILO classification

ISCO-major group Skill level
1 Managers1 3 & 4
2 Professionals 4
3 Technicians and Associate Professionals 3
4 Clerical Support Workers 2
5 Services and Sales Workers 2
6 Skilled Agricultural / Forestry / Fishery Workers 2
7 Craft and Related Trades Workers 2
8 Plant and Machine Operators and Assemblers 2
9 Elementary Occupations 1
1 Managers who are in submajor group 14 (Hospitality, Retail and Other Services)

are Skill Level 3. Skill level 1 consist of workers who perform routine physical
tasks which requires no formal education. Skill level 2 correspond to medium-
low-skilled workers who complete physical and socio-cognitive work and have a
secondary education or vocation-specific education. Skill level 3 workers complete
technical and complex work and have 1-3 years of higher education. Finally, Skill
level 4 workers are high-skilled workers whose job is to problem-solve or undertake
creative thinking.
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Figure A.1: US-China trade war tariff hikes by month in 2018 and 2019
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Notes: The numbers 1 to 12 are for months from Jan to Dec. Tariff hikes are relative to 2017.
The hikes in June 2019 are additional hikes (from .10 to .25) on products hit in 2018. The hikes in
September 2019 are on additional product lines. Source: Fajgelbaum et al. (2021)

B Alternative difference-in-difference estimators

In this section, we report the results of the dynamic difference-in-difference specifica-

tions in eqs (1) and (2) (in the full sample and by gender) estimated through other

estimators than the two-way fixed effects (TWFE). A recent literature has shown that

TWFE estimates can be biased and difficult to interpret when the effects are heteroge-

neous across units depending on when they enter into treatment. For each of our trade

outcomes (asinh and log transformed values, and a dummy for strictly positive ex-

ports) and labor outcomes (jobs, hours worked, average wages and average skill level),

we report the pre-treatment and post-treatment effects of the TWFE (also shown in

Figures 3 for trade and 6 for labor outcomes) and three alternative estimators: Sun

and Abraham (2021); Callaway and Sant’Anna (2021) and Borusyak et al. (2021). Es-
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sentially, these estimators differ in the construction of the control group and in the

parallel trend assumptions that they make – see the reviews by de Chaisemartin and

D’Haultfoeuille (2022) and Roth et al. (2022) for detailed comparisons. As shown in

Figures A.2 to A.8, the results under these alternative estimators are broadly similar to

the TWFE ones. This similarity is confirmed when looking at labor market outcomes

by gender (TWFE estimates shown in Figure 7 in the paper and the estimates with

the alternative methods in Figures A.9 to A.11). For the export outcomes, some differ-

ences emerge in the treatment effects on the intensive margin (Figure A.3), which are

lower and less precisely estimated with the alternative estimators. The pre-treatment

effects are also similar across estimators – the difference between the ones estimated

by Borusyak et al. (2021) and the other estimators is related to differences in the ref-

erence group.15 Tables 1 and 2 in the paper report the average across post-treatment

effects also for the estimator proposed by De Chaisemartin and d’Haultfoeuille (2020).

The period-specific coefficients are missing for this estimator because it requires the

number of pre-treatment periods to be smaller than the number of post-treatment ones

– a condition that is not satisfied in our setting.
15 Borusyak et al. (2021) estimate pre-treatment effects relative to never-treated units and leads of

treatment that are further away than −t (e.g., the treatment at −2 is relative to never-treated units
and treatments at t − 3, t − 4 and t − 5). The pre-treatment coefficients reported in the Figures for
the other estimators are instead relative to the previous period (e.g., t− 3 only is the reference group
for the effect at t− 2).
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Figure A.2: The effect of Trump tariffs on exports (asinh)
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(b) Sun & Abraham
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(c) Callaway & Sant’Anna
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(d) Borusyak et al.

Notes: The dots show diff-in-diff estimates of the effect of tariff hikes on Vietnam exports (asinh) to
the US across years and products. Red bars are c.i. for pre-treatment placebos, showing the year-on-
year effects (except for the Borusyak et al. estimator – see footnote 15). Blue bars are for treatment
effects relative to the year before treatment (or the avg of the pre-treatment period in the case of
Borusyak et al.). Data on US imports at the 10 digit level from Schott (2008). Data on tariff hikes
from Fajgelbaum et al. (2021).
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Figure A.3: The effect of Trump tariffs on exports (ln)
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(b) Sun & Abraham

-.1

0

.1

.2

.3

.4

Ef
fe

ct
 o

f T
ru

m
p 

ta
rif

fs
 o

n 
VN

M
 e

xp
or

ts
 to

 U
SA

 (l
n)

-4 -3 -2 -1 0 1 2

(c) Callaway & Sant’Anna
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(d) Borusyak et al.

Notes: The dots show diff-in-diff estimates of the effect of tariff hikes on Vietnam exports (ln) to the
US across years and products. Red bars are c.i. for pre-treatment placebos, showing the year-on-year
effects (except for the Borusyak et al. estimator – see footnote 15). Blue bars are for treatment
effects relative to the year before treatment (or the avg of the pre-treatment period in the case of
Borusyak et al.). Data on US imports at the 10 digit level from Schott (2008). Data on tariff hikes
from Fajgelbaum et al. (2021).
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Figure A.4: The effect of Trump tariffs on exports (dummy)
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(b) Sun & Abraham
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(c) Callaway & Sant’Anna
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(d) Borusyak et al.

Notes: The dots show diff-in-diff estimates of the effect of tariff hikes on Vietnam exports (export
dummy) to the US across years and products. Red bars are c.i. for pre-treatment placebos, showing
the year-on-year effects (except for the Borusyak et al. estimator – see footnote 15). Blue bars are
for treatment effects relative to the year before treatment (or the avg of the pre-treatment period in
the case of Borusyak et al.). Data on US imports at the 10 digit level from Schott (2008). Data on
tariff hikes from Fajgelbaum et al. (2021).
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Figure A.5: The effect of Trump tariffs on employment
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(b) Sun & Abraham
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(c) Callaway & Sant’Anna
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(d) Borusyak et al.

Notes: The dots show diff-in-diff estimates of the effect of tariff hikes on jobs across years and sectors.
Blue bars are c.i. for treatment effects relative to the year before treatment, or the avg pre-treatment
period in the case of Borusyak et al. Red bars are c.i. for pre-treatment placebos, showing the year-
on-year effects. Data on labor markets are from Vietnam’s LFS. Data on tariff hikes from Fajgelbaum
et al. (2021).
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Figure A.6: The effect of Trump tariffs on working hours
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(b) Sun & Abraham

-.2

-.1

0

.1

.2

.3

Ef
fe

ct
 o

f T
ru

m
p 

ta
rif

fs
 o

n 
ho

ur
s

-4 -3 -2 -1 0 1 2

(c) Callaway & Sant’Anna
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(d) Borusyak et al.

Notes: The dots show diff-in-diff estimates of the effect of tariff hikes on hours worked across years
and sectors. Blue bars are c.i. for treatment effects relative to the year before treatment, or the avg
pre-treatment period in the case of Borusyak et al. Red bars are c.i. for pre-treatment placebos,
showing the year-on-year effects. Data on labor markets are from Vietnam’s LFS. Data on tariff hikes
from Fajgelbaum et al. (2021).
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Figure A.7: The effect of Trump tariffs on wages
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(b) Sun & Abraham
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(c) Callaway & Sant’Anna
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(d) Borusyak et al.

Notes: The dots show diff-in-diff estimates of the effect of tariff hikes on wages across years and
sectors. Blue bars are c.i. for treatment effects relative to the year before treatment, or the avg
pre-treatment period in the case of Borusyak et al. Red bars are c.i. for pre-treatment placebos,
showing the year-on-year effects. Data on labor markets are from Vietnam’s LFS. Data on tariff hikes
from Fajgelbaum et al. (2021).
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Figure A.8: The effect of Trump tariffs on skills
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(c) Callaway & Sant’Anna
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(d) Borusyak et al.

Notes: The dots show diff-in-diff estimates of the effect of tariff hikes on skills across years and sectors.
Blue bars are c.i. for treatment effects relative to the year before treatment, or the avg pre-treatment
period in the case of Borusyak et al. Red bars are c.i. for pre-treatment placebos, showing the year-
on-year effects. Data on labor markets are from Vietnam’s LFS. Data on tariff hikes from Fajgelbaum
et al. (2021).
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Figure A.9: The effect of Trump tariffs on labor markets using the Sun and Abraham
(2021) estimator, by gender
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(c) Wages
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(d) Skills
Men Women

Notes: The dots show diff-in-diff estimates of the effect of tariff hikes on labor market outcomes
across years and sectors. Left column graphs are for men, right ones for women. Blue bars are c.i. for
treatment effects relative to the year before treatment. Red bars are c.i. for pre-treatment placebos,
showing the year-on-year effects. Data on labor markets are from Vietnam’s LFS. Data on tariff hikes
from Fajgelbaum et al. (2021). 45



Figure A.10: The effect of Trump tariffs on labor markets using the Callaway and
Sant’Anna (2021) estimator, by gender
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(d) Skills
Men Women

Notes: The dots show diff-in-diff estimates of the effect of tariff hikes on labor market outcomes
across years and sectors. Left column graphs are for men, right ones for women. Blue bars are c.i. for
treatment effects relative to the year before treatment. Red bars are c.i. for pre-treatment placebos,
showing the year-on-year effects. Data on labor markets are from Vietnam’s LFS. Data on tariff hikes
from Fajgelbaum et al. (2021).
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Figure A.11: The effect of Trump tariffs on labor markets using the Borusyak et al.
(2021) estimator, by gender
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Notes: Notes: The dots show diff-in-diff estimates of the effect of tariff hikes on labor market outcomes
across years and sectors. Left column graphs are for men, right ones for women. Blue bars are c.i.
for treatment effects relative to the avg pre-treatment period. Red bars are c.i. for pre-treatment
placebos, showing the year-on-year effects. Data on labor markets are from Vietnam’s LFS. Data on
tariff hikes from Fajgelbaum et al. (2021).
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C Allowing for violations of the parallel trends as-
sumption

In this section, we implement the bounding method proposed by Rambachan and

Roth (2023). It consist in estimating bounds to the treatment effect (we focus on the

average of the post-treatment effects) as we allow for violations of the parallel trends

assumptions. We can either assume that the post-treatment violation of parallel trends

is no more than some constant M larger than the maximum violation of parallel trends

in the pre-treatment period, or assume that the post-treatment violations of parallel

trends cannot deviate too much – i.e. by no more than M , from a linear extrapolation of

the difference in trends in the pre-treatment period. Figures A.12 and A.13 shows how

our TWFE estimates of the effect of Trump tariffs on the value of exports and on labor

market outcomes and their confidence intervals change as we deviate from the parallel

trends assumption using both types of deviations. In both sets of Figures, we show

the “trend” deviations (M) in the left-hand side column, and the “shock” deviations

(M) in the right-hand side one. In the export specification (from eq (1)), the effect

is robust to large values of M , which allow for non-linear counterfactual differences in

trends as big as a deviation of 5% from the linear trend. Our results are also robust

to a level of M around 1 – i.e., when the post-treatment violation of parallel trends

is as bad as the worst pre-treatment violation of parallel trends. The effects on the

probability of exporting appear more to be more sensitive to violations of the parallel

trend assumption when considering extrapolations of the pre-trend (M). Note however

that it is less obvious to identify and measure trends in probabilities of exporting, as

opposed to export values.

When it comes to the labor market specification (eq (2)), Figure A.13 shows that

the average treatment effects on hours worked, wages and average skill become more

imprecise as we move away from the parallel trend assumption. The positive and

significant effect on employment appears to be sensitive to deviations from parallel
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trends – e.g., it becomes insignificant when (M = 0.015) and (M is above .2) .

As the estimated effect on hours worked varies significantly between the first and

second year after treatment, Figure A.14 displays the results of applying the method

of Rambachan and Roth (2023) only to the positive treatment effect at t = 1. The

coefficient remains positive to important deviations from the parallel trend assumption

(e.g., by allowing post-treatment violations to be twice as large as the maximum pre-

treatment violation).
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Figure A.12: The effect of Trump tariffs on exports - Robustness to violation of the
parallel trends assumption
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Notes: The figure shows how our TWFE estimates (column 1 in table 1) of the effect of Trump tariffs
on exports change as we deviate from the parallel trends assumption. This is based on Rambachan
and Roth (2023) and the honestdid stata command (Bravo et al., 2022). Here we can either assume
that the post-treatment violation of parallel trends is no more than some constant M larger than
the maximum violation of parallel trends in the pre-treatment period, or that the post-treatment
violations of parallel trends cannot deviate too much, i.e. by no more than M of a linear extrapolation
of the pre-trend.
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Figure A.13: The effect of Trump tariffs on labor markets - Robustness to violation of
the parallel trends assumption
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Notes: The figure shows how our TWFE estimates (column 1 in table 2 of the effect of Trump tariffs
on labor market outcomes and their confidence intervals change as we deviate from the parallel trends
assumption. This is based on Rambachan and Roth (2023) and the honestdid stata command (Bravo
et al., 2022). Here we can either assume that the post-treatment violation of parallel trends is no more
than some constant Mbar larger than the maximum violation of parallel trends in the pre-treatment
period, or that the post-treatment violations of parallel trends cannot deviate too much, i.e. by no
more than M, from a linear extrapolation of the pre-trend.
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Figure A.14: The effect of Trump tariffs on working hours one year after treatment -
Robustness to violation of the parallel trends assumption
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Notes: The figure shows how our TWFE estimates of the effect of Trump tariffs on working hours
one year after treatment change as we deviate from the parallel trends assumption. This is based
on Rambachan and Roth (2023) and the honestdid stata command (Bravo et al., 2022). Here we
can either assume that the post-treatment violation of parallel trends is no more than some constant
Mbar larger than the maximum violation of parallel trends in the pre-treatment period, or that the
post-treatment violations of parallel trends cannot deviate too much, i.e. by no more than M, from a
linear extrapolation of the pre-trend..

D Effects of Trump tariffs across countries

In this section, we examine how the effect of Trump tariffs on Vietnam exports to the

US that we document in Tables 1 and A.4 compares with the effect on exports from

other countries (excluding China). Our objective is to verify that Vietnam was one of

the main beneficiaries of the US tariffs on China as anecdotal evidence suggests (cited

in the section 1 of the paper) and Fajgelbaum et al. (2021) find in their structural

empirical analysis. Our exercise consists in estimating the following extension of our

baseline event-study specification (see eq (1) in the main text:

(A.1) Xpct =
49∑
c=1

−2∑
j=−5

βjc

(
Dj

pt × αc

)
+

49∑
c=1

2∑
j=0

βjc

(
Dj

pt × αc

)
+ µpc + λpt + γct + ϵpct
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where the dependent variable is an export outcome (‘asinh’- or log-transformed,

or an export dummy) from country c to the US in product p (defined at the 10-

digit HS level) and year t. We restrict the sample to the 50 largest exporters to the

US (excluding China and oil-exporting economies, and including Vietnam) over the

2014-2020 period. Crucially, the pre- and post-treatment effects are allowed to vary

by exporter. Our focus is on the βjc coefficients on the interactions between pre-

and post-treatment dummies (Dpt) and export dummies (αc). We control for the most

exhaustive list of fixed effects: product-exporter, product-year, and exporter-year fixed

effects. The product-year fixed effects are of particular importance. A concern with

our baseline results is that the effect of the US tariffs on China in our Vietnam-only

baseline specification in (1) might overlap with that of global shifts that happen to vary

by product and year (e.g., productivity changes, adjustments in global supply chains).

The product-year fixed effects absorb these confounding effects. Because of the set

of fixed-effects, the βjc are identified relative to a reference category – we exclude the

interactions with the exporter dummy for South Africa.

Figure A.15 shows the average across the post-treatment effects (β0c, β1c and β2c

in eq (A.1)) and the associated confidence interval by country. Vietnam is the country

whose exports to the US increased the most as a result of US tariffs on China. This

differential effect is most visible when we include (and focus on) the extensive margin.
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Figure A.15: The effect of Trump tariffs on exports across countries
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Notes: The dots show TWFE diff-in-diff ATT estimates of the effect of tariff hikes on exports (asinh)

to the US by country, across years and products and relative to South Africa (the βjc’s from eq (A.1)).

Standard errors are clustered at the HS 8-digit level. Data on US imports at the 10 digit level from

Schott (2008). Data on tariff hikes from Fajgelbaum et al. (2021).
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The exceptional Vietnam response is also found in the following ‘exporter-

augmented’ version of a differenced model (see eq (A.3)):

(A.2) ∆Xpc =
49∑
c=1

βc

(
∆τUSA,CHN

p × αc

)
+ β∆Xpc,t−1 + µp + σsc + ϵpc

where the outcome variable is the change in the asinh or log of exports from

country c to the US for a product p over the 2017 - 2019 or 2017 - 2020 periods. In

the extensive margin specification, the dependent variable is a dummy for products

exported in the last year but not in the first year (entry) or a dummy for products not

exported in the last year but exported in the first year.16 As in the annual difference-

in-difference specification, we are interested in comparing the effect of US tariffs on

Chinese products across exporters – the βc coefficients. Following the addition of the

exporter dimension, we can include product (HS-10 digit) fixed effects µp, in our dif-

ferenced specification, controlling for product-specific time trends. We further absorb

the influence of exporter-sector (HS 1-digit) effects in the term σsc.

Figures A.16 and A.17 plot the βc coefficients and their confidence intervals for the

2019-2017 and 2020-2017 differences respectively. The patterns confirm the findings

from the annual diff-in-diff specification: Vietnam is among the countries whose exports

had the strongest increase due to US tariffs on Chinese products. The impact is

pronounced if we include both extensive and intensive margin adjustments (i.e., the

‘asinh’ specification), and is more important on the entry than on the exit margin.
16As for our baseline specification, the samples for the extensive margin regressions are selected

on the basis of the product export status for each exporting country in the first year. For the entry
regression, for each country we include only the products that were not exported to the US in 2017.
For the exit regression, for each country we include only the products that were exported to the US
in 2017.
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Figure A.16: The effect of Trump tariffs on 2019-2017 changes in exports across coun-
tries
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Notes: The dots show estimates of the βc coefficients from a regression like eq (A.2) that controls

further for changes in US tariffs on products from exporter c (the top 50 exporters to the US except

China). In the ‘asinh’ panel, the outcome variable equals differences in the asinh of export values to

the US between 2019 and 2017. In the ‘ln’ panel, the outcome variable equals differences in the log

of export values to the US between 2019 and 2017. In the ‘entry’ panel, the outcome variable is a

dummy equal to 1 if country c exported the product to the US in 2019 but not in 2017. In the ‘exit’

panel, the outcome variable is a dummy equal to 1 if country c exported the product to the US in

2017 but not in 2019. Standard errors are clustered at the HS 8-digit level. Data on US imports at

the 10 digit level from Schott (2008). Data on tariff hikes from Fajgelbaum et al. (2021).
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Figure A.17: The effect of Trump tariffs on 2020-2017 changes in exports across coun-
tries
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Notes: The dots show estimates of the βc coefficients from a regression like eq (A.2) that controls

further for changes in US tariffs on products from exporter c (the top 50 exporters to the US except

China). In the ‘asinh’ panel, the outcome variable equals differences in the asinh of export values to

the US between 2020 and 2017. In the ‘ln’ panel, the outcome variable equals differences in the log

of export values to the US between 2020 and 2017. In the ‘entry’ panel, the outcome variable is a

dummy equal to 1 if country c exported the product to the US in 2020 but not in 2017. In the ‘exit’

panel, the outcome variable is a dummy equal to 1 if country c exported the product to the US in

2017 but not in 2020. Standard errors are clustered at the HS 8-digit level. Data on US imports at

the 10 digit level from Schott (2008). Data on tariff hikes from Fajgelbaum et al. (2021).
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E Specification in first differences

We check the robustness of both our trade and labor market results to using a first-

difference model instead of a difference-in-differences event study. This is also a way

to deal with non-parallel trends by explicitly controlling for pre-treatment trends.

For trade effects, we estimate the following regression model:

(A.3) ∆Xp = β1∆τUSA,CHN
p + β2∆Xpt−1 + σs + ϵp

where ∆ indicates changes between 2019 and 2017 or between 2020 and 2017 (i.e.

the year before the first Trump tariffs).17 The dependent variable X is the dollar value

of US imports from Vietnam for product p. To assess the impact of Trump’s tariffs

at both the intensive (i.e., for non-zero trade flows both in 2017 and 2019 or 2020)

and extensive margin (i.e., for zero trade flows in the initial or final year), ∆Xp takes

the form of a differenced inverse hyperbolic sine transformation (Xp ≡ asinh (Xp)).

We also use log differences as a measure of changes happening at the intensive margin

only (i.e., Xp ≡ ln(Xp)). To evaluate the importance of the extensive margin, i.e. at

how product entry and exit was affected by Trump tariffs, we instead use dummies

for new (entry=1) and disappearing (exit=1) products on the left-hand side. When

looking at the probability of entry, we limit the sample of products to those that were

not exported by Vietnam to the US in 2017. When looking at the probability of exit,

we limit the sample of products to those that were exported by Vietnam to the US in

2017.
17While the US and China agreed to implement the Phase One deal, aimed at ameliorating trade

tensions between the two countries, in May 2019 and June 2019 respectively, we posit that some of
the effects of the tariff hikes in late 2018 and early 2019 may only be visible in 2020. However, the
COVID crisis and the concomitant drop in world trade that occurred in 2020 can dwarf the effects
of trade war tariffs on Vietnam exports. For this reason, we present results for the period 2017-2019
in the top panel of each table, and extend it to 2017-2020 in the bottom panel. Consistent with this
extension of the ‘treatment’ period, lagged changes in Vietnam exports are taken from 2014 to 2017.
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The term ∆tUSA,CHN
p denotes the change in tariff rate imposed by the US on

Chinese product p during the US-China trade war. Here we use both dummies to

indicate a product has been hit, as well as the actual tariff hikes, in separate regressions.

We control for lagged export changes in our regressions, i.e. ∆Xpt−1, changes in exports

from 2015 to 2017, or 2014 and 2017.18 Finally, we include broad sector s dummies (HS

1-digit). As for the annual diff-in diff (see Table 1), in alternate specifications we also

control for changes in tariffs applied by the US on Vietnam and the rest of the world.

The first-differenced model that explicitly controls for lagged export changes is similar

to the empirical analysis of Fajgelbaum et al. (2021), who implement a theory-based

empirical specification for the intensive margin responses to the US-China trade war

tariffs.

The results from estimating specification (A.3) are in Table A.4. They provide

further evidence that Trump’s tariffs on Chinese products had a positive effect on the

value of imports from Vietnam, even after controlling for lagged changes in imports.19

The main parameter of interest, βUSA,CHN , is positive and statistically significant for

the asinh transformation (columns 1 and 2) in both periods and whether we use tariff

hikes or tariff dummies. Using the estimates that control for US tariffs on Vietnam

and other countries in column (2), our results imply that the average increase in US

tariffs on China of 15.2 percentage points (see Table A.1 in the Appendix) led to a

22 percent average increase in imports from Vietnam between 2017 and 2019 (or 44

percent of the average increase in product-level Vietnam exports to US between 2017

and 2019).

The results reported in columns (5) to (8) of Table A.4 confirm strong responses
18In the extensive margin regressions, we control for the lagged differenced asinh Vietnam exports.
19The estimates in the asinh and log specifications when we measure tariff hikes in percentage points

can be interpreted as semi-elasticities. This interpretation is approximately valid for the specification
where the dependent variable is asinh-transformed for large enough values (Bellemare and Wichman,
2020). In a asinh-linear model like ours the partial derivative with respect of the explanatory variable
equals (using the notation of our baseline regression (A.3)): β1

√
1 +X2. Dividing by X gives the

semi-elasticity: β1

√
1 + 1

X2 , which tends to zero for large values of X. In our data, the smallest

non-zero value of Vietnam exports to US is $251, which makes
√

1 + 1
X2 ≈ 1.
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along the extensive margin. Tariffs imposed by the US on China increased the prob-

ability of new products being exported by Vietnam. According to the estimates of

column (6), the average increase in the US-China tariff led to a 3 percentage point

increase in the probability of exporting to the US in 2019 (33 percent of the average

probability; and 4 percentage point increase in the likelihood of exporting to the US in

2020). At the same time, products more affected by Trump tariffs were also less likely

to stop being exported to the US between 2017 and 2019 or 2020 (columns (7) to (8)).

Using the estimates in column (8), we obtain a 4 percentage point (one fourth of the

average exit rate) decrease in the exit rate following the average increase in US-China

tariffs.20

Besides its effects on exports to the US, the increase in US tariffs on China might

trigger a response in Vietnam exports to other destinations. To gauge the overall trade

effect on Vietnam, we jointly estimate the impact on Vietnam exports to the US and

the RoW, using data on the values of trade flows at the HS 6-digit product level from

the UN Comtrade database. Two main findings emerge from the results reported in

Table A.8. First, US tariff hikes on Chinese products led to higher Vietnam exports also

to RoW, which confirms the evidence from Fajgelbaum et al. (2021). This correlation

between the responses in Vietnam exports to US and RoW is consistent with firms

operating along downward-sloping supply curve and with adjustments through global

supply chains.21 Second, the effect on Vietnam exports to the US is larger than that

on exports to RoW. Predictions from estimates in Table A.8 reveal that total Vietnam

exports increased 27% as a result of US tariff hikes on Chinese products (or 73% of

the observed increase in Vietnam exports between 2017 and 2020). Exports to the US

went up by 58%, whereas exports to RoW increased by 19%. This difference is driven
20The findings from Table A.4 are robust to the exclusion of the pre-trend control or of sector fixed

effects. Extensive margin results are robust to using a logit instead of the linear probability model in
Table A.4.

21The supply chain channel is relevant to a situation where Vietnamese products are used as input
varieties (classified in the same 6-digit product) by RoW exporters to US. Since US tariffs on China
divert imports towards RoW products (as it does towards Vietnamese ones), they can increase RoW
demand for imported input varieties from Vietnam.

60



by adjustments at the extensive margin. When we consider only exports in continuing

products (through a log specification), the predicted effect on Vietnam exports to US

is small and lower than that on Vietnam exports to ROW. In the next section we

examine whether this export creation effect of US tariffs on Chinese imports translated

into job creation and other labor market outcomes in Vietnam.
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Table A.4: The effect of Trump tariffs on Vietnam’s export growth to the US

2017-2019
(1) (2) (3) (4) (5) (6) (7) (8)

∆asinh (X) ∆ asinh (X) ∆ ln (X) ∆ ln (X) Entry Entry Exit Exit
∆tUSA,CHN 1.330∗∗∗ 1.471∗∗∗ 0.495 0.631∗ 0.202∗∗∗ 0.205∗∗∗ -0.241∗∗∗ -0.255∗∗∗

(0.285) (0.280) (0.363) (0.366) (0.025) (0.024) (0.074) (0.075)
∆tUSA,V NM 20.626∗∗∗ -3.707∗∗ 3.583∗∗∗ -1.606∗∗∗

(2.533) (1.722) (0.200) (0.320)
∆tUSA,RoW -72.927∗∗∗ 7.381 -5.125∗∗∗ 7.826∗∗∗

(8.870) (9.366) (0.520) (1.706)
N 15376 15376 3150 3150 10974 10974 4402 4402
R-sq 0.15 0.16 0.11 0.11 0.11 0.14 0.13 0.14

(1) (2) (3) (4) (5) (6) (7) (8)
∆asinh (X) ∆ asinh (X) ∆ ln (X) ∆ ln (X) Entry Entry Exit Exit

1(∆tUSA,CHN > 0) 0.284∗∗∗ 0.255∗∗∗ 0.015 0.007 0.055∗∗∗ 0.052∗∗∗ -0.064∗∗∗ -0.065∗∗∗
(0.067) (0.067) (0.090) (0.090) (0.006) (0.006) (0.018) (0.018)

1(∆tUSA,V NM > 0) 3.460∗∗∗ -0.781∗∗∗ 0.793∗∗∗ -0.303∗∗∗
(0.538) (0.275) (0.052) (0.064)

1(∆tUSA,RoW > 0) -0.929∗∗∗ 0.163 -0.075∗∗∗ 0.193∗∗∗
(0.165) (0.176) (0.014) (0.050)

N 15376 15376 3150 3150 10974 10974 4402 4402
R-sq 0.15 0.16 0.11 0.11 0.11 0.14 0.13 0.14

2017-2020
(1) (2) (3) (4) (5) (6) (7) (8)

∆asinh (X) ∆ asinh (X) ∆ ln (X) ∆ ln (X) Entry Entry Exit Exit
∆tUSA,CHN 2.401∗∗∗ 2.596∗∗∗ 0.817∗ 1.179∗∗ 0.294∗∗∗ 0.308∗∗∗ -0.286∗∗∗ -0.292∗∗∗

(0.308) (0.308) (0.456) (0.467) (0.027) (0.027) (0.072) (0.074)
∆tUSA,V NM 6.542∗∗∗ -3.038 1.418∗∗∗ -0.780∗∗

(2.350) (2.252) (0.266) (0.331)
∆tUSA,RoW -41.993∗∗∗ -5.929 -3.959∗∗∗ 3.678∗∗

(9.338) (13.013) (0.767) (1.777)
N 15163 15163 2963 2963 10806 10806 4357 4357
R-sq 0.15 0.15 0.11 0.12 0.10 0.11 0.11 0.12

(1) (2) (3) (4) (5) (6) (7) (8)
∆asinh (X) ∆ asinh (X) ∆ ln (X) ∆ ln (X) Entry Entry Exit Exit

1(∆tUSA,CHN > 0) 0.593∗∗∗ 0.579∗∗∗ 0.077 0.076 0.081∗∗∗ 0.079∗∗∗ -0.078∗∗∗ -0.080∗∗∗
(0.076) (0.076) (0.112) (0.112) (0.007) (0.007) (0.017) (0.017)

1(∆tUSA,V NM > 0) 0.929∗ -1.253∗∗∗ 0.296∗∗∗ -0.223∗∗∗
(0.514) (0.380) (0.066) (0.060)

1(∆tUSA,RoW > 0) -0.543∗∗ 0.198 -0.055∗∗∗ 0.130∗∗∗
(0.266) (0.269) (0.021) (0.044)

N 15163 15163 2963 2963 10806 10806 4357 4357
R-sq 0.15 0.15 0.11 0.12 0.10 0.11 0.11 0.12

Note: The left hand side variables capture change in exports from 2017 to 2019 (top panel) and from 2017 to 2020
(bottom panel) – see eq (A.3). All columns include 1-digit sector dummies and lagged (2015 to 2017 in the top
panel and 2014 to 2017 in the bottom panel) changes in the Vietnam exports to US (asinh-transformed in cols (1),
(2) and (5) to (8), and log transformed in cols (3) and (4)). Standard errors in parenthesis are clustered by HS8
product, and * stands for statistical significance at the 10% level, ** at the 5% level and *** at the 1% percent
level.

We further check the robustness of our results from the empirical specification in

62



differences (eq (A.3)) to two types of tests. First, we re-estimate the regression after

dropping HS 1-digit sector dummies and lagged (asinh or log) changes in export values.

The results, reported in Table A.5 are qualitatively similar to baseline (Table A.4 in

the main text), suggesting in particular that lagged effects, while significant, do not

drive our main effects.

A second check concerns the results on the extensive margin – the effects on the

likelihood of entry into and on that of exit from the US market. In Table A.6 we re-

estimate specification (A.3) with entry and exit dummies as outcome variables using a

logit instead of a linear probability model. The sign and significance of the coefficients

are confirmed.

Table A.5: The effect of Trump tariffs on Vietnam’s export growth to the US - without
sector dummies or pre-trends

2017-2019
(1) (2) (3) (4) (5) (6) (7) (8)

∆asinh (X) ∆ asinh (X) ∆ ln (X) ∆ ln (X) Entry Entry Exit Exit
∆tUSA,CHN 1.684∗∗∗ 1.194∗∗∗ 0.259∗∗∗ -0.111

(0.265) (0.332) (0.023) (0.071)
1(∆tUSA,CHN > 0) 0.355∗∗∗ 0.034 0.084∗∗∗ -0.079∗∗∗

(0.062) (0.086) (0.006) (0.019)
N 17261 17261 4312 4312 12143 12143 5118 5118
R-sq 0.01 0.00 0.00 0.00 0.04 0.04 0.01 0.01

2017-2020
(1) (2) (3) (4) (5) (6) (7) (8)

∆asinh (X) ∆ asinh (X) ∆ ln (X) ∆ ln (X) Entry Entry Exit Exit
∆tUSA,CHN 3.087∗∗∗ 1.936∗∗∗ 0.390∗∗∗ -0.185∗∗

(0.291) (0.399) (0.025) (0.072)
1(∆tUSA,CHN > 0) 0.660∗∗∗ 0.043 0.115∗∗∗ -0.089∗∗∗

(0.070) (0.102) (0.006) (0.019)
N 17132 17132 4292 4292 12036 12036 5096 5096
R-sq 0.01 0.01 0.01 0.01 0.02 0.03 0.00 0.01

Note: The left hand side variables capture change in exports from 2017 to 2019 (top panel) and from 2017 to 2020
(bottom panel). All columns report the estimates of the specification eq (A.3), but without sector dummies (σs) and
lagged changes in exports (∆Xpc – 2015 to 2017 in the top panel and 2014 to 2017 in the bottom panel). All columns
also include changes in US tariffs on products from Vietnam (∆τUSA,V NM

p ) and the rest of the world (∆τUSA,ROW
p )

in odd numbered columns, and dummies for tariff increases in even numbered ones. Standard errors in parenthesis are
clustered by HS8 product, and * stands for statistical significance at the 10% level, ** at the 5% level and *** at the
1% percent level.
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Table A.6: The effect of Trump tariffs on Vietnam’s extensive margin of export to the
US – Logit estimates

2017-2019
(1) (2) (3) (4) (5) (6) (7) (8)

Entry Entry Entry Entry Exit Exit Exit Exit

∆tUSA,CHN 2.732∗∗∗ 2.998∗∗∗ -1.861∗∗∗ -2.029∗∗∗
(0.352) (0.377) (0.545) (0.575)

1(∆tUSA,CHN > 0) 0.749∗∗∗ 0.722∗∗∗ -0.502∗∗∗ -0.519∗∗∗
(0.092) (0.093) (0.128) (0.130)

N 10974 10974 10974 10974 4402 4402 4402 4402
2017-2020

(1) (2) (3) (4) (5) (6) (7) (8)
Entry Entry Entry Entry Exit Exit Exit Exit

∆tUSA,CHN 3.429∗∗∗ 3.715∗∗∗ -2.137∗∗∗ -2.245∗∗∗
(0.340) (0.355) (0.529) (0.536)

1(∆tUSA,CHN > 0) 0.965∗∗∗ 0.951∗∗∗ -0.580∗∗∗ -0.600∗∗∗
(0.092) (0.093) (0.119) (0.119)

N 10806 10806 10806 10806 4357 4357 4357 4357
Note: Logit estimates. In cols (1) to (4), the dependent variable is a dummy for products that Vietnam exported in
2019 (top panel) or 2020 (bottom panel) but not in 2017. The sample is composed of products that were not exported to
the US in 2017. In cols (5) to (8), the dependent variable is a dummy for products that Vietnam did not export in 2019
(top panel) or 2020 (bottom panel), but did export in 2017. The sample is composed of products that were exported
to the US in 2017. Odd numbered cols include sector dummies and lagged asinh differences in Vietnam exports to the
US (between 2017 and 2015 in the top panel and between 2017 and 2014 in the bottom panel). Even numbered cols
include also controls for US tariffs increases (or dummies for changes in cols (4) and (8)) on imports from Vietnam and
other countries. Standard errors in parenthesis are clustered by HS8 product, and * stands for statistical significance
at the 10% level, ** at the 5% level and *** at the 1% percent level.

The estimates from our differenced model (eq (A.3)) can be used to back out the

aggregate effects of US tariff hikes during the US-China trade war on Vietnam exports.

Specifically, we average the changes in Vietnam exports to the US across products as

predicted only by the tariff variables (∆̂XUSA
p ) – thus excluding the lagged changes in

exports and the sector dummies):

(A.4) ∆̂XUSA =
∑
p

πUSA
p,2017∆̂XUSA

p

where the weights π in the summation equal the product share in total US imports in

2017 (i.e., before the US started raising tariffs on Chinese products) for imported prod-

ucts (see Fajgelbaum et al. (2021) for a similar aggregation procedure). For products
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that Vietnam exported to the US in 2019 (or 2020) but not in 2017, we use the US im-

port value in the latest year. We consider the predictions from the asinh-transformed

values – which incorporate changes both at the intensive and extensive margins –, and

from the log-transformed ones – which account for changes along the intensive margin

only, and hence includes only products that were exported in both the start and end

year. We also assess the predicted responses along the extensive margin by taking the

weighted sum of exports for products that were added or dropped in 2019 (or 2020),

where the weights equal the predicted probabilities from the entry regression (for prod-

ucts that were added) and from the exit regression (for products that were dropped).

These extensive margin predictions measure the importance of product additions and

drops relative Vietnam exports to the US in 2017.

The aggregate percent changes in Vietnam exports to US as predicted by US tariff

increases on China (and other countries) are reported in Table A.7. Our estimates imply

that Vietnam exports increased by 28% between 2017 and 2019 as result of US tariff

increases especially on China – an effect slightly larger than the 22% average increase

from US tariffs on Chinese products only (see section 2). The effect along the intensive

margin only (column ‘ln’) is much lower, although both the overall and intensive margin

responses become larger in 2020. The significant effects on entry and exit of products

into and from the US market represent a small share of total Vietnam exports to US.

The entry response is quantitatively more important, suggesting that US tariff hikes

fostered entry into the US market of Vietnamese products more than affecting their

survival probability. In spite of being small quantitatively, the significant effects on

the extensive margin contribute to the difference between the full (‘asinh’) and the

intensive margin (‘ln’) predicted changes in Vietnam exports to the US. Because asinh

and log differences are approximately equal in our data, it is the difference in the point

estimates between the two specifications (cols (2) and (4) in Table A.4) – driven by

positive responses along the extensive margin of exporting – that explains why US

tariffs on Chinese products has a larger impact on total Vietnam exports than on
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exports of continuing products only to the US.

Table A.7: Predicted percent changes in Vietnam exports to the US

2017-2019
asinh ln entry exit

Change in VNM exports to USA (in %) 27.90 9.40 0.90 0.38
(0.63) (0.48) (0.03) (0.02)

2017-2020
asinh ln entry exit

Change in VNM exports to USA (in %) 39.91 14.88 3.14 0.13
(0.66) (0.70) (0.08) (0.00)

Note: Predicted changes in Vietnam exports to the US. In the ‘asinh’ and ‘ln’ columns, the percent changes are
computed as in eq (A.4) – these are weighted averages of predicted changes across products, where the weights
equal the product share in Vietnam exports to the US in 2017 (including product not exported in 2017 for the
‘asinh’ column, and including only products exported both in 2017 and 2019 (or 2020) for the ‘ln’ column). In
the ‘entry’ column, the reported changes are weighted sums of exports in 2019 (2020 in the bottom panel) for
products not exported in 2017 – where the weights are the predicted probabilities of entry, relative to the total
value of Vietnam exports to the US in 2017. In the ‘exit’ column, the reported changes are weighted sums of
exports in 2017 for products not exported in 2019 (2020 in the bottom panel) – where the weights are the predicted
probabilities of exit, relative to the total value of Vietnam exports to the US in 2017. Product-level predictions are
computed from changes in US tariffs only. For the ‘asinh’ column, they come from the estimates in col (2); for the
‘ln’ column, from col (4); for the ‘entry’ column, from col (6); and for the ‘exit’ column, from col (8) of Table A.4
– specifications with changes in tariffs. Standard errors reported in parenthesis are computed from 100 bootstrap
replications of HS 8-digit clusters.

We can extend this quantification exercise to include also the response of Vietnam

exports to countries other than the US. As Fajgelbaum et al. (2021) show, exports from

third countries like Vietnam can have different adjustments across destinations – e.g.,

depending on whether exporters operate along upward or downward sloping supply

curves, and as a results of reallocation along global supply chains. Assessing the overall

Vietnam export reaction to US tariffs on China (and other countries) is important as

it informs our analysis of the impact of US-China tariffs on Vietnam labor market.

The predicted changes in Vietnam exports to the US and to other countries (ROW)

are obtained from a specification akin to the baseline regression in differences (see

eq (A.3)), but with Vietnam exports to ROW (other countries than the US) stacked

on exports to US. We then interact all US tariff variables (on China, Vietnam and

other countries) and the sector dummies with an indicator for exports to the US, while
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controlling for lagged changes in Vietnam exports (to the US and to ROW). Data on

Vietnam exports to ROW (as measured by ROW imports from Vietnam) are available

at the HS 6-digit product level from the UN Comtrade database (for consistency, we

also take the Comtrade data for US imports from Vietnam). Because Vietnam exports

in most HS 6-digit products, meaningful adjustments along the entry and exit margins

cannot be identified.

The estimated coefficients on the US-China tariff variables and its interaction with

the indicator for the US market are reported in Table A.8. The positive coefficient on

the ∆tUSA,CHN variable suggests that Vietnam increased its exports to other countries

as a result of the US tariff increases on Chinese products. This finding confirms the

results from Fajgelbaum et al. (2021). The effect on Vietnam exports to the US is

larger when we include both intensive and extensive margin adjustments (cols (1) and

(2)), and the difference is significant in the 2017-2020 period. In the log specification

that retains only strictly positive flows in the start and end period, the elasticity is

larger for Vietnam exports to ROW, although the difference is imprecisely estimated.

These comparisons between the effects on exports to the US and ROW are valid also

when we control for product fixed effects (in our differenced specification, they control

for product-specific trends) that absorb the influence of the ∆tUSA,CHN variable (cols

(2) and (4)). The direction of the effects is retained when we use dummy for tariff

increases instead of the actual tariff changes.
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Table A.8: The effect of Trump tariffs on Vietnam’s export growth to the US and
ROW

2017-2019
(1) (2) (3) (4)

∆asinh (X) ∆ asinh (X) ∆ ln (X ) ∆ ln (X )
∆tUSA,CHN 1.022∗ 0.546∗

(0.590) (0.312)
× USA 0.840 0.842 -0.068 0.632

(0.824) (0.824) (0.535) (0.500)
N 9968 9968 5724 3186
R-sq 0.17 0.59 0.12 0.60

(1) (2) (3) (4)
∆asinh (X) ∆ asinh (X) ∆ ln (X ) ∆ ln (X )

1(∆tUSA,CHN > 0) 0.205 0.104
(0.159) (0.085)

× USA 0.139 0.139 -0.128 -0.040
(0.208) (0.208) (0.151) (0.139)

N 9968 9968 5724 3186
R-sq 0.16 0.59 0.12 0.60

2017-2020
(1) (2) (3) (4)

∆asinh (X) ∆ asinh (X) ∆ ln (X ) ∆ ln (X )
∆tUSA,CHN 1.358∗∗ 1.163∗∗∗

(0.594) (0.337)
× USA 2.384∗∗∗ 2.388∗∗∗ -1.018 -0.242

(0.831) (0.830) (0.661) (0.600)
N 9968 9968 5591 3076
R-sq 0.17 0.60 0.13 0.65

(1) (2) (3) (4)
∆asinh (X) ∆ asinh (X) ∆ ln (X ) ∆ ln (X )

1(∆tUSA,CHN > 0) 0.311∗ 0.232∗∗
(0.164) (0.096)

× USA 0.346 0.348∗ -0.348∗ -0.223
(0.211) (0.211) (0.195) (0.171)

N 9968 9968 5591 3076
R-sq 0.17 0.60 0.13 0.65

Note: The left hand side variables capture stacked changes in exports from 2017 to 2019 (top panel) and from 2017
to 2020 (bottom panel) to the US and ROW. All columns include variables for US tariff changes to Vietnam, average
US tariff changes to ROW (all countries except China and Vietnam), alone (in cols (1) and (3)) and interacted
with a dummy for USA being the destination. All columns further include 1-digit sector dummies interacted with
a USA dummy, and lagged (2015 to 2017 in the top panel and 2014 to 2017 in the bottom panel) changes in the
Vietnam exports to US and ROW (asinh-transformed in cols (1) and (2), and log transformed in cols (3) and (4)).
Cols (2) and (4) also include HS 6-digit product fixed effects. Standard errors in parenthesis are clustered by HS6
product, and * stands for statistical significance at the 10% level, ** at the 5% level and *** at the 1% percent
level.
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We use the estimates from Table A.8, columns (1) and (3) (and the not reported

ones on the effects of US tariff changes on imports from Vietnam and ROW) to predict

product-level changes in Vietnam exports due to US tariff hikes. Predicted changes in

Vietnam exports to US include the effect of the tariff change variables and of its inter-

action with the USA dummy, whereas predicted changes in Vietnam exports to ROW

equal the effect of the tariff change variables. These predictions are then aggregated

through a weighted average across products, where the weights equal the product share

in total Vietnam exports to the US and ROW in 2017, similar to what we did using HS

10-digit data in Table A.7 (see eq (A.4)). Predicted change in total Vietnam exports

are computed as a weighted average across export changes to US and to ROW, with

weights equals to the destination share.

The results, reported in Table A.9, indicate that US tariff increases led to an

18% increase in global Vietnam exports between 2017 and 2019 – i.e., 70 % of the

observed increase in Vietnam exports. The effect is much larger on Vietnam exports

to the US than to ROW, as the point estimates in Table A.8 suggest. Furthermore

the effect increases over time, consistent with the evidence from the annual difference-

in-difference regressions (see Figure 3. US tariffs were responsible for a 27% increase

in total Vietnam exports between 2017 and 2020 (73% of the observed increase). This

effect is driven by responses at the extensive margin. The numbers from the ‘ln’

columns suggest that the effects on the exports in products already exported in 2017 is

much smaller (14 % between 2017 and 2020), and entirely driven by exports to ROW.

Aggregating the data at the HS 6-digit level weakens the predicted response of Vietnam

exports to US along the intensive margin.
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Table A.9: Predicted percent changes in Vietnam exports to the US and ROW

2017-2019
asinh ln

Destination: USA ROW Total USA ROW Total
Change in VNM exports (in %) 36.64 13.26 17.83 5.56 7.82 7.28

(1.25) (0.92) (0.81) (0.72) (0.49) (0.40)
2017-2020

asinh ln
Destination: USA ROW Total USA ROW Total
Change in VNM exports (in %) 57.75 19.11 27.22 0.81 17.49 13.87

(1.25) (1.02) (0.82) (0.95) (0.54) (0.46)
Note: Predicted changes in Vietnam exports to the US. In the ‘asinh’ and ‘ln’ columns, the percent changes are
computed as in eq (A.4) – these are weighted averages of predicted changes across products, where the weights
equal the product share in Vietnam exports to the US in 2017 (including product not exported in 2017 for the
‘asinh’ column, and including only products exported both in 2017 and 2019 (or 2020) for the ‘ln’ column). In
the ‘entry’ column, the reported changes are weighted sums of exports in 2019 (2020 in the bottom panel) for
products not exported in 2017 – where the weights are the predicted probabilities of entry, relative to the total
value of Vietnam exports to the US in 2017. In the ‘exit’ column, the reported changes are weighted sums of
exports in 2017 for products not exported in 2019 (2020 in the bottom panel) – where the weights are the predicted
probabilities of exit, relative to the total value of Vietnam exports to the US in 2017. Product-level predictions are
computed from changes in US tariffs only. For the ‘asinh’ column, they come from the estimates in col (2); for the
‘ln’ column, from col (4); for the ‘entry’ column, from col (6); and for the ‘exit’ column, from col (8) of Table A.4
– specifications with changes in tariffs. Standard errors reported in parenthesis are computed from 100 bootstrap
draws of HS 1-digit clusters.

We also estimate a first-differenced model for labor market outcomes where we

control for lagged changes:

(A.5) ∆Yim = β1∆τUSA,CHN
im + β2∆Yimt−1 + αm + σs + ϵim

We look at changes in labor market outcomes ∆Yim within industries from 2017

to 2019 and to 2020. We include month fixed effect αm so we compare changes across

industries for every month, thereby netting out the influence of seasonality patterns.

Sector dummies σs (one for each of the 21 sections in the ISIC rev. 4 industry classi-

fication) further absorb aggregate determinants of labor market shifts. We control for

pre-trends ∆Yimt−1, i.e. changes in labor market outcomes from 2015 to 2017. Standard

errors are clustered by industry.
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The term τim captures the ISIC 4-digit sector-level exposure to Trump’s tariffs,

which we measure in three ways: 1) Tariff dummy on China, which is an indicator

variable that takes the value 1 if any product in industry i was hit by Trump tar-

iffs in month m (similar to the treatment dummy used in the difference-in-difference

specification); 2) Share of tariff lines hit, which captures the proportion of HS 10-digit

product lines in each industry i that were affected by Trump tariffs in month m; and

3) Average tariff on China which is the average of the change in tariffs across 10-digit

products within each ISIC 4-digit industry up to month m in 2019. The month vari-

ation comes only from changes during 2019 – so for industries where tariffs were not

changed during 2019, the three tariff variables will take on the same value in the 12

months.

The results of estimating model A.5 are in Table A.10 for the 2017-2019 period,

and in Table A.11 for the 2017-2020. Panel A reports estimates for the impact of

working in an industry whose products were hit by Trump’s tariffs, Panel B shows

the effect of an increase in the share of products affected by the US-China tariffs, and

Panel C displays the effects of industry-level average changes in US tariffs imposed on

Chinese products. In all three panels, we look at the impact of exposure to the Trump

tariffs on the change in the number of workers (in log, columns 1-2), the number of

weekly hours worked (in log, columns 3-4), hourly wages (in log, columns 5-6), and

skill level (in log, columns 7-8).

We find that tariff hikes on China led to increased hours worked in hit sectors.

The results are significant and of important magnitudes especially in Panel A where

we use a dummy as our measure of exposure to US tariffs on Chinese products. The

estimates effects from Column (2), Panel A, imply that the rate of job creation was 24%

higher in treated industries, ye these coefficients are not statistically significant. The

effects on working hour go in the same direction when estimated over the 2017-2020

period, as shown in Table A.11.
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Table A.10: The effect of Trump tariffs on labor markets 2017-2019

Panel A
(1) (2) (3) (4) (5) (6) (7) (8)

∆ work ∆ work ∆ hours ∆ hours ∆ wage ∆ wage ∆ skill ∆ skill
Tariff on China = 1 0.226 0.223 0.033 0.037∗ -0.020 -0.017 -0.004 -0.005

(0.171) (0.172) (0.020) (0.020) (0.073) (0.073) (0.017) (0.017)
Tariff on VNM = 1 0.022 0.030 -0.001 0.020

(0.157) (0.030) (0.103) (0.031)
Tariff on ROW = 1 0.014 -0.050∗∗ -0.028 -0.002

(0.126) (0.024) (0.077) (0.015)
N 3892 3892 2679 2679 2679 2679 3757 3757
R-sq 0.31 0.31 0.10 0.10 0.09 0.09 0.24 0.24

Panel B
(1) (2) (3) (4) (5) (6) (7) (8)

∆ work ∆ work ∆ hours ∆ hours ∆ wage ∆ wage ∆ skill ∆ skill
% lines w/ tariff on CHN 0.052 0.053 0.022 0.022 0.023 0.022 -0.003 -0.002

(0.139) (0.140) (0.020) (0.020) (0.068) (0.068) (0.020) (0.020)
% lines w/ tariff on VNM -0.759 0.052 -2.713 0.446

(1.709) (0.607) (2.506) (0.513)
% lines w/ tariff on ROW -0.009 -0.121 0.796 -0.224∗

(0.475) (0.173) (0.709) (0.132)
N 3892 3892 2679 2679 2679 2679 3757 3757
R-sq 0.31 0.31 0.10 0.10 0.09 0.09 0.24 0.24

Panel C
(1) (2) (3) (4) (5) (6) (7) (8)

∆ work ∆ work ∆ hours ∆ hours ∆ wage ∆ wage ∆ skill ∆ skill
Avg tariff on China 0.317 0.341 0.110 0.101 -0.017 -0.003 0.029 0.032

(0.603) (0.610) (0.076) (0.075) (0.263) (0.266) (0.080) (0.080)
Avg tariff on VNM -6.302 7.131 -6.243 0.880

(9.415) (6.067) (6.359) (1.966)
Avg tariff on ROW 9.684 -29.738 20.449 -7.356

(25.946) (21.515) (19.352) (4.923)
N 3892 3892 2679 2679 2679 2679 3757 3757
R-sq 0.31 0.31 0.10 0.10 0.09 0.09 0.24 0.24

Note: The regressions include month and major level sector fixed effects. Standard errors in
parenthesis are clustered by industry.
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Table A.11: The effect of Trump tariffs on labor markets 2017-2020

Panel A
(1) (2) (3) (4) (5) (6) (7) (8)

∆ work ∆ work ∆ hours ∆ hours ∆ wage ∆ wage ∆ skill ∆ skill
Tariff on China = 1 0.026 -0.021 0.123∗∗ 0.128∗∗ -0.095 -0.084 0.014 0.016

(0.174) (0.176) (0.056) (0.056) (0.066) (0.067) (0.017) (0.018)
Tariff on VNM = 1 0.017 0.003 0.071 0.045

(0.136) (0.082) (0.081) (0.030)
Tariff on ROW = 1 0.178 -0.018 -0.049 -0.011

(0.109) (0.045) (0.052) (0.010)
N 3884 3884 3021 3021 2710 2710 3742 3742
R-sq 0.30 0.30 0.82 0.82 0.10 0.10 0.30 0.30

Panel B
(1) (2) (3) (4) (5) (6) (7) (8)

∆ work ∆ work ∆ hours ∆ hours ∆ wage ∆ wage ∆ skill ∆ skill
% lines w/ tariff on CHN -0.151 -0.156 0.060 0.061 -0.073 -0.072 0.019 0.020

(0.139) (0.140) (0.074) (0.074) (0.073) (0.074) (0.018) (0.018)
% lines w/ tariff on VNM -1.021 1.289 -0.163 0.063

(1.618) (1.338) (1.570) (0.194)
% lines w/ tariff on ROW 0.470 -0.218 0.117 -0.084

(0.374) (0.410) (0.536) (0.052)
N 3884 3884 3021 3021 2710 2710 3742 3742
R-sq 0.30 0.30 0.81 0.82 0.10 0.10 0.30 0.30

Panel C
(1) (2) (3) (4) (5) (6) (7) (8)

∆ work ∆ work ∆ hours ∆ hours ∆ wage ∆ wage ∆ skill ∆ skill
Avg tariff on China -0.319 -0.334 0.296 0.268 -0.280 -0.329 0.085 0.079

(0.638) (0.659) (0.215) (0.221) (0.264) (0.266) (0.072) (0.074)
Avg tariff on VNM 4.070 6.693 7.696 0.216

(8.560) (6.626) (5.346) (0.961)
Avg tariff on ROW -7.443 -12.568 -24.209 -3.825

(21.829) (21.538) (18.607) (2.763)
N 3884 3884 3021 3021 2710 2710 3742 3742
R-sq 0.30 0.30 0.82 0.82 0.10 0.10 0.30 0.30

Note: The regressions include month and major level sector fixed effects. Standard errors in
parenthesis are clustered by industry.
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F Robustness checks on the labor market results

Figure A.18: The effect of Trump tariffs on Vietnam’s labor markets - Only manufac-
turing, agriculture, and mining
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(d) Skills

Notes: Sample excludes all service industries (ISIC 2-digit sector code greater than 33). The dots
show TWFE diff-in-diff estimates of the effect of tariff hikes on jobs, hours worked, wages, and skills
across years and sectors. Blue bars are c.i. for treatment effects relative to the year before treatment.
Red bars are c.i. for pre-treatment placebos, showing the year-on-year effects. Data on labor markets
are from Vietnam’s LFS. Data on tariff hikes from Fajgelbaum et al. (2021).
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Figure A.19: The effect of Trump tariffs on Vietnam’s labor markets - Month on month
effects
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(c) Wages
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(d) Skills

Notes: The solid line shows the TWFE diff-in-diff estimates of the effect of tariff hikes on jobs, hours
worked, wages, and skills across months and sectors. The shaded area shows the 90 percent confidence
interval. We take the year before the first month when the tariff hits as the benchmark and look at
how different the differences between treated and untreated sectors are in each of the following months.
Data on labor markets are from Vietnam’s LFS. Data on tariff hikes from Fajgelbaum et al. (2021).
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Figure A.20: The effect of Trump tariffs on Vietnam’s labor markets - Gender gaps
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(d) Skills

Notes: The dots show TWFE diff-in-diff estimates of the effect of tariff hikes on the gender gap in
jobs, hours worked, wages, and skills across years and sectors. Blue bars are c.i. for treatment effects
relative to the year before treatment. Red bars are c.i. for pre-treatment placebos, showing the year-
on-year effects. Data on labor markets are from Vietnam’s LFS. Data on tariff hikes from Fajgelbaum
et al. (2021).
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